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IBM Research Melanoma Image Analysis Hom

VISUALIZATIONS  SIMILAR

2. Data & Al Insight Atz

Identifying Skin Cancer

Skin lesion analysis
towards melanoma

detection

Recently, we've been developing
techniques in computer vision that
could one day enable clinical staff
to use pictures to help them screen
for disease. Our vision is that taking
pictures to diagnose melanoma
might one day be as routine as
drawing blood to detect other

diseases.

Learn more —

https://research.ibm.com/artificial-intelligence/computer-vision/
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Animal Care Infrequent Point Demographics Periodic Census Tract

Auto Infrequent Point a Income & Poverty Periodic Census Tract

Convenience Infrequent Point , Census Households Periodic Census Tract

Education Infrequent Point Labor/Occupation Periodic Census Tract

Entertainment Infrequent Point Commercial Population/Migration  Periodic Census Tract

Food/Grocery Infrequent Point Banking School Enrollment Periodic Census Tract

Home Infrequent Point Crime Monthly Point

Insurance/Financial Infrequent Point Police Arrests Annual Point
Points of Medical Infrequent Point Government Public Safety  Seismic Ratings Annual Point
Interest Services Infrequent Point Sponsored Flu Prevention Annual Point

Shopping Infrequent Point Enterprises HIV Treatment Annual Point

Travel Infrequent Point (Not featured Education School Ratings Annual Point

ATM Locations Infrequent Point Zz:gbe/;?ez‘adata Advertising Sign Applications Monthly Point

Police & Fire Stations Infrequent Point Transportation Vehicle Collisions Annual Point

Polling Locations Infrequent Point Commodities  Gas Prices Monthly Metro Area

Healthcare Facilities Infrequent Point Eear;sperature/Degree Hyper-Frequent Census Tract

Parks & Recreation Infrequent Point Precipitation Hyper-Frequent Census Tract

Bike Racks & Bike Shares Infrequent Point Weather Wind Hyper-Frequent Census Tract

Birth Statistics Periodic Census Tract Extreme Weather Hyper-Frequent Census Tract
Healthcare

Hospitalizations Annual Property Damage Hyper-Frequent Census Tract

CONSTruCtion POINT
Plumbing Permits Point
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