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Source : https://medium.com/@Brian.johnson_62680/artificial-intelligence-ai-top-use-cases-and-technologies-used-today-3c22ela63e78
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Artificial intelligence > OECD Principles on Al

What are the OECD Principles on Al?

The OECD Principles on Artificial Intelligence promote artificial intelliger

F

(Al) that is innovative and trustworthy and that

human rights and democratic values. They were adopted in May 2019 by OECD member countries when they
approved the OECD Council Recommendation on Artificial Intelligence. The OECD Al Princ are the first suc
ples signed up to by governments. Beyond OECD mem other countries ding Argentina, Brazil, Costa Rica,
Malta, Peru, Romania and Ukraine have already adhered to the Al Principles, with further adherents welcomed.

al and flexible enough to stand the test of time in a rapidly

CD Al Principles set standards for Al that a
gital security risk management and

field. They complement existing O standards in areas such as privacy
responsible business conduct

In June 2019, the G20 adopted human-centred Al Principles that draw from the OECD Al Principles.

» Al should benefit people and the planet by driving inclusive growth, sustainable development and well-being

ed in a way that respe:

> Al systems must function in a robust, secure and safe v
eveloping, deploying or operating Al systems should be held accountable for their proper functioning in line with the above principles.

» Organisations and individ

he rule of law, human rights, democratic values and diversity, and they should include appropriate safeguards — for example

r and just society.

ay throughout their life cycles and potential risks should be continually assessed and managed

Source : https://www.oecd.org/going-digital/ai/principles/
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“Transparent”

1. Fairness 2. Quality 3. Drift 4. Explainability
(3784) (FE) C) (23)
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Business challenge & Solution
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Source : https://www.ibm.com/blogs/journey-to-ai/2019/07/how-ai-picks-the-highlights-from-wimbledon-fairly-and-fast-2/
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Tackle Climate Protect Land & Provide Food & Build Healthy
Change Water Woater Sustainably Cities
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— Kelly Combs, Director,
Emerging Technology Risk at KPMG
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Watson OpenScale A|LI2| 2 > 3. Drift(F=All)
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Watson OpenScale A|LI2| 2 > 4. Explainability(2 &)
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Watson OpenScale
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Try it out for free
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https://cloud.ibm.com/catalog/services/watson-openscale
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7F-1(The Forrester Wave)

The Forrester Wave Q3 2020
Multimodal Predictive Analytics And Machine Learning

THE FORRESTER WAVE™
Multimodal Predictive Analytics And Machine Learning
Q3 2020
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The Forrester Wave Q1 2019
Enterprise Insight Platform

THE FORRESTER WAVE™
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t-2(Gartner Magic Quadrant 2021/ IDC 2020)

Gartner 2021 Magic Quadrant DC MarketScape: Worldwide Advanced Machine
for Data Science and Machine Learning Platforms Learning Software Platforms 2020 Vendor Assessment

DC MarketScape Worldwide Advanced Machine Learning Software Platforms, 2020
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